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Abstract: 
A body of scholarship examines the relationship between legacies of conflict and social capital; however, a puzzle remains regarding the intersection of conflict events and identities, namely gender. Sexual violence is a weapon of conflict that disproportionately impacts women, with little research undertaken to examine the lasting impact such violence has on levels of social capital according to gender. This study asks: What is the social legacy of sexual violence within conflict? Furthermore, what are the effects on post-conflict social capital? Moreover, given the prevalence of gender-based sexual violence and the impact of this on women in conflict zones as expressed within the literature: Do legacies of sexual violence disproportionately impact social trust in accordance with gender? Using geocoded Sexual Violence in Armed Conflict (GEO-SVAC) data, Armed Conflict Location Event Data (ACLED), and Afrobarometer survey data, this study finds that exposure to sexual violence within conflict induces increased social capital and pro-social behavior. Gender, however, is found to be a mitigating factor, with women indicating lower levels of social capital.
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Introduction
Understanding the lasting psychological impacts of violence post-conflict remains an important research area within political psychology. Post-conflict literature often focuses on conditions that both aid and inhibit the rebuilding of communities and states following violence. Central to this is social capital, involving civic engagement, associational membership, and trust (Putnam, 2001; Uslaner, 1998, 1999, 2013). Studies attempting to analyze these impacts are often centered around one particular condition, social trust. However, the impact of different conflict events on social processes requires further examination to understand the impacts of conflict on those whom we know to exist but empirically know little about. 
A key area of focus is that of sexual violence within conflict. Comparative gender and feminist conflict scholars have developed literature that puts women at its core and engages with previously overlooked gendered aspects of conflict (Cohen, 2013a, 2016; Leatherman, 2011; Wood, 2006, 2009). By bringing the social capital and comparative gender literature together, this study aims to take a further step in solving this puzzle by analyzing the legacies of conflict. Legacies of violence are to be understood in this context as the lasting impact of past conflicts on individuals and communities. This study attempts to answer the question: What is the social legacy of sexual violence within conflict? And what are the effects of such legacies on post-conflict social capital? Furthermore, given the prevalence of gender-based sexual violence and the impact of this on women in conflict zones: Do legacies of sexual violence disproportionately impact social trust in accordance with gender?
We have a strong understanding of exposure to violence, and its psychological implications, especially regarding post-conflict trust. Building on this, I seek to expand our understanding of how conflict events affect these psychological responses differently. This paper provides insight into the interaction between sexual violence in conflict and social capital. The following empirical analysis of this interaction highlights the importance of acknowledging conflict event diversity when examining post-conflict social capital, its constituent parts, and developing democratic peacebuilding policies in conflict-affected communities. By answering such questions, this paper attempts to add a further layer to our understanding of the psychological impacts of exposure to violence and the intersection between this and our identities. 
The Importance of Social Capital  
Social capital forms a critical component of democracy, with multiple approaches producing similar but discordant outcomes. A relational, experienced-based approach emerges within the work of Coleman (1998) and has been popularized in the American context by Robert Putnam (2001). Putnam (2001) focuses on networks and ties between individuals and the norms built by these interactions, which contain reciprocity and trust. Civic engagement and associational memberships result in social capital being framed as a public good, increasing and decreasing in its presence as associations and ties to fellow citizens break down (Putnam, 2001). Uslaner proposes a contrasting moral predisposition interpretation (1998, 1999, 2013). Uslaner (1998) found that optimism increased trust, with the two running in a cyclical pattern around transformative experience. In turn, pessimism and distrust are logical reasons for rejecting civic activism and thus reducing social capital. Furthermore, Uslaner (1999) found in favor of social capital's portrayal of a moral trust, as opposed to a rational interpretation based on expectation and experience, with increased trust in the social capital frame leading to the endorsement of stronger moral behaviors. Uslaner (2002; 2013) continued to reinforce this link between morality and trust, a key component of social capital. 
The notion of social capital has been carried into the post-conflict literature, with a body of scholarship analyzing the relationship between violent conflict and post-conflict social capital (Dinesen et al., 2013; Alcorta et al., 2020). This literature has begun to examine both individual and community exposure to and involvement in violence alongside the legacies left by conflict. Within this scholarly debate, we see the emergence of contrasting findings dependent on the conflict context, with a puzzling emergence of some post-conflict cases indicating increased social capital and others seeing the inverse (Krakowski, 2021). Legacies of violence are significant to understand to piece this puzzle together, as community members across the globe face post-conflict reconciliation efforts while dealing with their histories (Wayne & Zhukov. 2022; Jennings, Stoker, & Bowers. 2009).
Legacies of Violence: Contrasting Impacts
Diminishing Social Capital 
A body of literature suggests that conflict negatively affects social capital, damaging associational memberships and reducing social trust. Rothstein and Uslaner (2011) analyze the relationship between trust and social and economic inequalities, arguing that increasing inequalities erode trust in both a social and institutional sense. De Luca and Verpoorten (2015) directly tied social capital to civil war within Uganda using Afrobarometer data, finding decreasing trust and associational membership in areas where violence was recorded. 
Similarly, Werner (2016) reports reduced levels of trust due to indirect conflict exposure, and Weidmann and Zürcher (2013) find the damaging effects of conflict on community social ties within Northern Afghanistan. Cassar et al. (2013) focus on exposure, applying this to trust and economic markets, with similarly damning findings. The comparative nature of this literature has enabled a focus on social capital across global conflicts and periods. Findings from post-conflict Kosovo (Kijewski & Freitag, 2018) and Bosnia and Herzegovina (Muminovic & Efendic, 2022) provide further evidence for the negative post-conflict legacy of war on social capital in the form of trust. Conflict's lasting psychological effects are sometimes tied to the remanence of wartime trauma and distress (Blattman & Annan, 2010; Daphna‐Tekoah & Harel‐Shalev, 2017). Terror Management Theory (TMT) is a valuable tool for understanding the lasting impact of trauma, centering on the notion of mortality. TMT ties to social capital as awareness of mortality impacts psychological behaviors and engagement with oneself and the wider community (Solomon et al., 2004; Leary, 2004). Seeberg and Meinert (2020) note the potential impacts of legacies of violence in the spread of trauma within Northern Uganda. It is also notable that conflict may not necessarily impact social capital directly; rather, it can be seen to damage other important social factors such as education, economic stability, information accessibility, and informal norms and institutions, which in turn reduce social capital (Krakowski, 2012; Blattman & Annan, 2010; Blattman & Miguel, 2010). 
Altruistic Behaviors and Social Capital Growth from Conflict 
Blattman (2009) leads scholarship in suggesting a link between trauma and increased political engagement, indicating the possibility of pro-social reactions. In several cases, war is found to trigger pro-social behaviors and increase social cohesion and cooperation (Bauer et al., 2016; Stage & Uwera, 2018). Bellows and Miguel (2009) used household-level data to establish a link between exposure to intensive conflict and increased likelihood of community engagement. Gilligan et al. (2014) lab-in-the-field findings suggest increased pro-social and trusting behaviors, providing evidence for a mechanism of bonding together in the face of threat. Hartman and Morse's (2018) analysis of Liberia suggests that conflict can lead to inter-group cooperation, with those experiencing greater violence exhibiting more pro-social behaviors towards refugees. Hall and Werner (2022) report a positive relationship between increased conflict exposure and social trust while negatively impacting institutional trust among refugees. Throughout this line of study is the notion that altruism builds among common victims (Lewis & Topal, 2022; Gilligan et al., 2014). Wayne and Zhukov (2022) suggest that not only those directly exposed to violence in the Holocaust but also those socialized in environments whereby it was regularly discussed were more likely to support out-groups facing similar victimization. 
Conflict-Induced In-Group Growth and Out-Group Decline
A body of work by Muzafer Sherif (1958, 1967; Sherif et al., 1988) in the mid-20th century led to the development of Realistic Conflict Theory (RCT), stipulating that group battles for resources lead to negative out-group perceptions and increased in-group favoring (Sherif, 1958, 1967; Sherif et al., 1988; Jackson, 1993; McKenzie & Gabriel, 2017). This collapse of inter-group ties proposed by this theory indicates a reduction in social capital (Sherif, 1958, 1967; Sherif et al., 1988). Bauer et al. (2014) find evidence of strengthening in-group cooperation in response to threat, with strengthened in-group egalitarian motives, but not out-group. Mironova and Whitt (2016) examine group divisions through lab-in-the-field experiments in Kosovo. The findings indicate that conflict effects may be linked to salient group norms, highlighting the importance of group dynamics (Mironova & Whitt, 2016). Ali et al. (2022) find similar results in Pakistan, providing evidence of increasing in-group trust and decreasing trust with the out-group. 
A puzzle emerges from this scholarly debate: Why, in some cases of exposure to legacies of conflict, do we see an increase in-post conflict social capital, and why, in other cases, do we see a reduction? Given the contrasting theoretical puzzle and context's importance in post-conflict social capital, further questions arise: What are the roles of different conflict events? Moreover, do event differences matter? These existing research paths could be strengthened by accounting for critical within-conflict variables, such as gender and the nature of conflict events. Allowing for the type of violent legacies individuals and communities are exposed to enables an understanding of disproportionate impacts on those holding different salient identities, such as race, ethnicity, sexuality, or gender. 
Sexual Violence Within Conflict
Sexual violence is not gender specific; within the comparative politics of gender and feminist literature, both female perpetrators and male victims of sexual violence are noted (Cohen, 2013b, 2016; Sivakumaran, 2007; Leiby, 2012; Traunmüller, Kijewski & Freitag 2019), yet women are disproportionately targeted and affected in most cases (Cohen, 2016; Aroussi, 2017; Brownmiller, 1975). When examining gender-based sexual violence, it is notable that sexual violence is not the only form of gender-based violence emerging within conflict (Huyé, 2018). However, sexual violence is of central importance due to the diverse experiences of victims and differing post-conflict conditions (Report of the United Nations Secretary General, 2019). 
The UN defines conflict-related sexual violence as:
“rape, sexual slavery, forced prostitution, forced pregnancy, forced abortion, enforced sterilization, forced marriage, and any other form of sexual violence of comparable gravity perpetrated against women, men, girls or boys that is directly or indirectly linked to a conflict” (Report of the United Nations Secretary General, 2021, p. 4-5). 
Acts of sexual violence do not require simply physical force; coercion and non-physical means are also included (Huyé, 2018; Gaggioli, 2014). Convention on the Elimination of all Forms of Discrimination Against Women (CEDAW) General Recommendation 19 distinguishes between gender-based violence and sexual violence, adding that gender-based violence is discrimination against women, inhibiting equality with men (CEDAW, 1992; Huyé, 2018). Furthermore, sexual violence in peacetime should be considered separately as different contexts and mechanisms are at play (Cohen, 2016). Therefore, gender-based, conflict-related sexual violence is a widespread conflict event to which women specifically are exposed and targeted.
Existing Literature 
A large swathe of scholarship focuses on understanding why some armed groups commit sexual violence, and others do not (Cohen, 2013a, 2016; Leatherman, 2011; Wood, 2006, 2009). Within the notion of sexual violence, rape is at the forefront, with this itself split into different forms, from individual perpetrators to gang rape, sexual slavery, and mass rape events (Cohen, 2013a, 2016; Schneider et al., 2015; Stiglmayer, 1994; Buss, 2009; Matusitz, 2017; Leatherman, 2011; Baaz & Stern, 2009). A large body of literature focuses on rape as a weapon of war, analyzing the strategic use of sexual violence ranging from cultural and ethnic cleansing to a sanctioning or punishment technique (Benard., 1994; Matusitz., 2017; Schneider et al., 2015; Buss, 2009). Brownmiller's (1975) seminal work highlights the gendered element of sexual violence during conflict, focusing not only on violence against an enemy but a focused attack on women, bringing the additional gender-based element to her sexual-violence analysis (Buss, 2009). The gendered targeting associated with sexual violence is likely to increase perceptions of threat among women, as supported by the disproportionate reports of women victims. The use of sexual violence adds another layer to the burden of conflict, which disproportionately impacts women, who face a threat not only due to their group association but their gender identity (Brownmiller., 1975) 
Rape is not universally ordered as a tactic; Cohen (2013a, 2016) argues that gang rape provides a form of group socialization linked to low cohesion group combatant recruitment strategies, a notion supported by Nagel and Doctor (2020). Johansson and Sarwari (2019) argue that uneven military interventions changing the inter-group dynamics lead less supported groups to have a higher likelihood of committing rape, changing the cost-benefit trade of how such violence would be viewed. Informal group institutions (see Waylen, 2017) in the shape of gendered group norms are found to be of further significance (Leatherman., 2007, 2011; Baaz and Stern., 2009). 
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Description automatically generated]Alongside norms, the broader context remains relevant. There are competing patterns of thought regarding the avoidance of sexual violence in civil or ethnonational conflicts (Hayden, 2000) versus the presence of such violence (Cohen, 2013a, 2016). Furthermore, certain groups with stronger top-down sanctions did not show signs of engaging in sexual violence (Wood, 2009; Cohen, 2016; Viterna, 2013). This emerging lack of uniformity in the presence of sexual violence, coupled with the gendered nature of this violence, further suggests that we cannot understand the lasting impacts of such events by analyzing conflict as a whole; our understanding would benefit by accounting for such differentiation in our models. 



Forging a Link to Social Capital
A prominent stream of scholarship on the interaction between conflict and social capital regards women's mobilization in conflict. Kreft (2019) proposes a mechanism for women's mobilization directly linked to the threat of conflict-based sexual violence and finds evidence of a link between higher recorded sexual violence within conflict and increased protest and associational memberships to international women's organizations. Viterna (2013) provides an in-depth, qualitative study of gendered micro-mobilization processes in El Salvador, Mama and Okazawa-Rey (2012) develop a feminist perspective on activism and militarism, and Ikelegbe (2005) analyze the role of women in civil society within Nigerian oil-orientated resource conflicts. A large body of work also looks at the role of gender, women's mobilization, and limitations faced in post-conflict peacebuilding and reconstruction processes (Manchanda, 2005; Abdullah et al., 2010; Korac, 2006). These studies all account for component parts of social capital, showing a link to conflict without directly acknowledging this. 
More directly, Koos (2018) finds that sexual violence can result in increased civic engagement to avoid exclusion, with potential reconciliation pathways available within communities (Greiner, 2022). Koos & Traunmüller (2022) find further in favor of increased civic engagement and participation; however, it is still essential to consider social exclusion and retaliation towards victims and communities, which inhibit social capital growth (Greiner, 2022). Such studies interact with the aforementioned research paths emerging within existing non-gendered social capital and conflict literature, such as perceptions of the threat of exclusion driving prosocial behavior through mobilization (Gilligan et al., 2014; Bauer et al., 2014). However, much of the focus in these studies is on direct exposure, with a need to supplement this with our understanding of the violent legacies' impact on community social capital over time. This study aims to make this contribution, tying these strands of scholarship together and examining their link empirically by utilizing approaches taken within the broader conflict events literature to further our understanding of the lasting psychological impacts of sexual violence within conflict on post-conflict social capital. 
Theoretical Framework
[bookmark: OLE_LINK5][bookmark: OLE_LINK6]Integrating the effects of exposure to legacies of sexual violence on post-conflict social capital through associational memberships and trust would deepen our understanding of the post-conflict effects of sexual violence and what this means for post-conflict peace, rebuilding, and democracy. The first step in answering these questions and engaging with this puzzle is to include the role of gender and exposure to legacies of sexual violence in our analysis to investigate and compare the trends with traditionally gender-blind and conflict event diversity-blind studies. These additional layers will provide a foundation from which to unpick the micro-level mechanisms. From the existing literature, competing theories emerge, which will be tested within this study.
As a result of the scholarship portraying trust and exposure to conflict tied to issues of threat perception (Solomon et al., 2004; Leary, 2004; Bauer et al.,2014) and damaged social institutions and networks (Krakowski, 2012; Blattman & Annan, 2010; Blattman & Miguel, 2010) a theory emerges that; as a result of exposure to legacies of sexual violence, post-conflict social capital will decrease, as to be tested by Hypothesis 1. 
H1: As a result of exposure to legacies of sexual violence, social capital will decrease. 
Literature suggesting the inverse is equally compelling, with emerging altruism, pro-social behavior, and civic engagement born out of violence (Blattman, 2009; Bauer et al., 2016; Stage & Uwera, 2018; Bellows & Miguel, 2009), sexual violence (Koos. 2018; Greiner, 2022; Koos & Traunmüller, 2022) and legacies of violence (Wayne & Zhukov, 2022). The theory emerges that as a result of exposure to legacies of sexual violence, post-conflict social capital will increase, as to be tested by Hypothesis 2.
H2: As a result of exposure to legacies of sexual violence, social capital will increase. 
The gender-based nature of much of this violence is theorized to have an effect. Testing for the gendered impacts of exposure is necessary, as from scholars such as Brownmiller (1975), the theory emerges that due to the identity-based nature and interpretation of sexual violence in many cases and the impact of this on perceptions of threat, post-conflict social capital will be lower among women exposed to legacies of sexual violence. This theory does not go as far as to suggest that this will decrease, as evidence from studies such as Koos (2018) and Koos & Traunmüller (2022) have noted an increase. However, I theorize women's levels will be lower than those of men, even in the case of an increase.
H3: Self-identifying women exposed to an area with a legacy of sexual violence will exhibit lower levels of post-conflict social capital than men at the same exposure level. 
Finally, due to the nature of localized legacies of violence and exposure to information transfer, access, and socialization within affected areas (Wayne & Zhukov, 2022; Jennings, Stoker, & Bowers, 2009), the theory emerges that as a proximate exposure to legacies of sexual violence decreases, so will the effect of the legacy on post-conflict social capital, as represented by hypothesis 4.
H4: As proximate exposure to legacies of sexual violence decreases, we will see a decrease in the impact of the legacy of sexual violence on post-conflict social capital. 
Methods
The methodology used is primarily based on that of Lewis and Topal (2022), who used spatial modeling to analyze exposure to conflict and trust. The methodology for this paper will employ a multilevel logistic regression within spatial buffers to establish the impact of proximity on the impact of legacies of violence. This method has been selected due to its ability to tie together geographical and psychological factors to analyze post-conflict social capital. The available GEO-SVAC (Bahgat et al., 2016) and ACLED (Raleigh et al., 2010) data contain the necessary exposure measures to fit into these models, allowing for a direct comparison of nuanced sexual violence events data and more generalized conflict events data. I will also employ a cumulative linked mixed model (CLMM) to account for the unclear boundaries between the ordinal categorizations of the social trust responses, enabling a more precise analysis of respondents moving between categories.
Spatial Model
In this study, proximate exposure to areas with a legacy of sexual violence will be ordinally coded, with spatial buffers of 25, 50, and 100 kilometers around conflict events. Calculating such buffers enables an in-depth, granular analysis of spatial decay in the effect of sexual violence as those exposed grow further from the event. Geocoded responses are coded at a unit level and will be entered into a multilevel logistic regression to enable both sampling unit and country-level data to be analyzed. The distance can also be held constant and used to test for interaction to see the broader impact of the legacies of sexual violence exposure on communities. Accounting for permeable borders, the cross-national data enables measurement of cross-border exposure. Lewis and Topal (2022) note that the exposure within the ACLED data is distributed along a Poisson distribution and, therefore, use the natural log of proximate exposure as the primary independent variable. This same strategy will be applied to account for the data skew.
Dependent Variable: Social Capital  
This study relies upon the geocoded Afrobarometer data, providing social trust, associational membership, and civic engagement measures across multiple African countries and years. Round 3 data provides group-based trust measures for in-group and out-group preferences, through a Likert scale of trusting responses (Afrobarometer, Round 3, 2005). A limitation is that this measure is only included in round 3 of the Afrobarometer data. The generalized trust measure used within this study will be taken from a series of Afrobarometer rounds to enable overtime measurements. The same generalized trust measure appears in the geocoded Afrobarometer rounds 1, 3, 5, and 6. A descriptive analysis of generalized trust within round 3 data suggests that this form of social trust is the lowest, with only 3,986 out of 25,397 responses indicating trustworthiness. These round 3 trust variables are coded per the labels shown in table 1.Table 1.

Similarly, the Afrobarometer data measures associational memberships by variations of group ties alongside civic engagement via measurements of social contact points. These measures are available in different iterations across survey rounds. Round 3 associational membership measurements are taken using the following question: “Let’s turn to your role in the community. Now I am going to read out a list of groups that people join or attend. For each one, could you tell me whether you are an official leader, an active member, an inactive member, or not a member”. Measured through a 5-point Likert scale, the responses include “Not a Member,” “Inactive Member,”, “Active Member,” “Official Leader” and “Don’t Know”. 
Finally, civic engagement is measured via the question, “During the past year, how often have you contacted any of the following persons for help to solve a problem or to give them your views”. Potential responses include “Never,” “Only once,” “A few times,” “Often,” and “Don’t Know”. 
Independent Variable: Proximate Exposure to Areas with a Legacy of Sexual Violence During Conflict 
This measure for the proximate exposure to a legacy of sexual violence within conflict is calculated using the GEO-SVAC data (Bahgat et al., 2016). GEO-SVAC contains granular event-level data, including location and date where reported. The SVAC dataset provides data points of sexual violence categorized according to three actor types: state forces, rebel groups, and pro-government militias (Cohen & Nordås, 2014a, 2014b). Due to the nature of data collection, the dataset is limited to actions of physical force, excluding elements of the broader definition such as coercion (Cohen & Nordås, 2014a, 2014b). The SVAC dataset (Cohen & Nordås, 2014a, 2014b) also provides recordings of the type of sexual violence committed where possible. The difficulty in measuring sexual violence in such data, especially among men, should be noted due to cultural taboos and a reluctance to report (Leiby, 2012). GEO-SVAC and Afrobarometer data points will be plotted according to longitude and latitude. Spatial buffers of 25, 50, and 100 km will then be drawn around each survey response point, with the conflict events within each buffer counted. Those survey respondents exposed to legacies of sexual violence will be surrounded by spatial buffers containing past sexually violent conflict events within each proximal distance. 
Covariates 
Gender as self-identified within the Afrobarometer data will be a central covariate within the model, as the gender-based element of sexual violence targeting women is crucial to the theoretical framework applied (Brownmiller, 1975; Cohen, 2016; Aroussi, 2017). Ethnic diversity, which is especially important in the African context, will be accounted for on a subnational level using the ethnic diversity index of Lewis and Topal (2022). Per the literature, especially the work of Rothstein and Uslaner (2011), economic inequality will be included, as drawn from the Afrobarometer's living conditions measures. Furthermore, to account for realistic conflict theory (Sherif, 1958, 1967; Sherif et al., 1988) and relative deprivation theory (Cederman, 2013; Gurr, 1970; Buhaug et al., 2014), measures of the respondent's group as being either "dominant" or "discriminated" will be employed, drawn from the EPR dataset (Lewis & Topal, 2022; Vogt et al., 2015). A central element of understanding exposure is related to information consumption; therefore, Afrobarometer news consumption data will be included. To account for regime type, the Varieties of Democracy (V-Dem) polyarchy measure will be included (Coppedge et al., 2021). 
Additional Robustness Checks 
The applied strategy is to include as much relevant and diverse data as is openly available, such as generalized trust measures across multiple rounds of data. However, it remains notable that further data is not readily available for group trust measures. To provide robustness to the initial Afrobarometer and GEO-SVAC models, a second model containing the Afrobarometer and ACLED sexual violence data will be developed (Kishi, 2019; Raleigh et al., 2010). This data will contain a series of different conflict events around which buffers will present trends to be compared to the initial model. Kishi (2019) reports that as of April 2019, within the ACLED data, 95% of reported events containing gender measures pertained to women and girls as victims. This figure again highlights the gendered nature of sexual violence within conflict and the disproportionate effect on women and highlights the value of including the ACLED data (Cohen, 2016; Aroussi, 2017; Brownmiller, 1975). Ideally, additional geocoded social capital data would be available, such as the World Values Survey (Haerpfer et al., 2020; Inglehart et al., 2020) and the Eurobarometer (European Commission, 2017). However, this data is not available in the geocoded form. Nevertheless, a rich body of data can be accessed.
Results
Social Trust
The results from this preliminary analysis provide consistently strong evidence to support theories suggesting that exposure to violence increases social capital (H2). For example, as shown in figures 1 and 2, the predicted probabilities that an individual will indicate increased out-group or in-group trust increase within all three buffer distances as exposure to areas with a legacy of sexual violence increases from 1 event to 10 sexually violent conflict events. Furthermore, in all regression models, there is a statistically significant co-efficient indicating that the impact of exposure to legacies of sexual violence within a conflict has an impact on increasing social trust to the 99% confidence interval for generalized trust at 25 km exposure (see appendix table 2.1) and to the 99.9% confidence interval for all further exposure measures (see appendix tables 2.2, 2.3 & 2.4). 
Furthermore, we find statistically significant evidence of a lower trust level in three of the four models in accordance with gender, supporting hypothesis 3. However, the exception to this finding is the measure of generalized trust, which does not indicate a statistically significant gendered impact on the level of trust. The largest and most statistically significant correlation is seen in the measure of trust in a neighbor (see appendix, table 2.2). A female respondent is likely to respond 0.059 units less trusting than a male at the same exposure level of 25 km, with a similar trend across the exposure buffers. Figures 1 and 2 demonstrate support hypothesis 3 through predicted probabilities indicating that while self-identifying female respondents also demonstrate a likelihood to show increased in-group and out-group trust as exposed to a legacy of more sexually violent conflict events, this level of trust remains lesser than that of men at the same level of exposure. [bookmark: OLE_LINK1][bookmark: OLE_LINK2]Fig 1. Predicted Probability of Out-group Trust  
Fig 2. Predicted Probability of In-group Trust   

Similarly, to the relationship of gender with social trust, we find evidence of spatial decay in three of our four social trust models, supporting hypothesis 4. While proximal exposure to areas with a legacy of sexual violence remains significant across all four models, the generalized trust measure does not indicate a clear pattern of decay. This, however, is not the case for the in-group, out-group, or trust-in-neighbor multivariate regression models. In all three cases, as the distance from the area with a legacy of sexual violence increases, the impact of exposure on increased trust is lessened (see appendix tables 2.2, 2.3 & 2.4). Figures 1 and 2 depict this correlation with predicted probabilities for group-based trust, indicating that while a likely increase in trust remains according to increasing numbers of sexually violent conflict events, the relationship between this increase and increasing trust is lessened as distance increases. Regarding our additional covariates added as another measure of exposure, it is notable that in three out of four models, television and newspaper news consumption correlate with decreased social trust through group-based measures and trust in neighbors.
Furthermore, radio consumption indicates the inverse response of increased trust in these cases. The findings from all models run counter to theoretical suggestions of decreasing social trust as a result of proximate exposure to legacies of sexual violence within conflict (H1); however, from these findings, further investigation is needed to examine the importance of news consumption as a proxy for exposure to violence. These preliminary results are drawn from 12 multivariate models to incorporate results across the spatial buffers.  
Limitations
The potential endogeneity issue must be noted: sexual violence within conflict may occur where low social capital exists. The only measure available in earlier rounds of the Afrobarometer data is the generalized trust measure, which will be included. However, it is impossible to measure previous social capital levels, especially those before the initial violence breaks out. The GEO-SVAC data contains further events post-2005, allowing a model alongside pre-conflict social capital levels from the round 3 data (BenYishay et al., 2017). This additional analysis enables a further understanding of the emergence of sexual violence within conflict in low social capital areas. A further challenge and critique of exposure measures is community dispersion and movement during and post-conflict, which cannot be accounted for in this data. As a result, individuals and groups who may have moved due to legacies of sexual violence within conflict cannot be analyzed within this study. We may also see individuals move into these areas post-conflict. However, as we are not measuring an individual's direct exposure to the conflict event but rather their exposure to the legacies of such violence, this is less of an issue. One of the more significant limitations is the availability of geo-coded data. While it would be worthwhile to include temporal buffers as a further measure, more available data should be available. Finally, the geographic scope of this study is to be noted. This study is centered on post-conflict social capital within Africa and does not account for or test alternative regions. As a result, until additional research is conducted elsewhere, this study does not claim to be generalizable. Nevertheless, these findings correlate with existing conflict analysis across the region and further afield (Koos & Traunmüller, 2022; Koos, 2018; Kreft, 2019; Gilligan et al., 2014; Bellows & Miguel, 2009).  
Conclusion & Next Steps
This study’s geospatial methods test whether exposure to legacies of observed events of sexual violence within conflict impact levels of social capital and the association of such impacts with gender. These preliminary results harnessed Afrobarometer round 3 individual-level survey data alongside observed incidents of sexually violent conflict within the GEO-SVAC dataset. Testing competing theories on the impact of conflict on social capital, these preliminary findings suggest that exposure to sexually violent conflict induces increased social trust. However, gender is a mitigating factor, with self-identifying women reporting statistically significant lower levels of social trust than men in three out of four measurement categories, suggested here as a result of an attack on gender identity, trauma, and increased perceptions of threat. Nevertheless, women are still found to show increased trust, supporting theories that to avoid exclusion and repercussions, women in communities affected by such violent turn to others and exhibit pro-social behaviors (Koos & Traunmüller, 2022; Koos, 2018). While this study finds mixed support for the hypotheses regarding generalized trust, the three alternate social trust measures provide strong support for our second, third, and fourth hypotheses concerning increasing trust with a gendered difference and spatial decay. This research aims to contribute to a growing body of literature on post-conflict social capital due to its importance in strengthening democracy, peacebuilding, and scholarship analyzing conflict diversity and how this intersects with identity. 
A series of sequential steps are needed to complete this study. Following these preliminary findings, I will present a white paper to Afrobarometer as requested to access the additional rounds of geo-coded data. This step will include the additional models of round 3 data for civic engagement and associational membership. This additional data will add robustness and enable additional analysis, including rounds of data over time, to analyze the persistence of these impacts of violent legacies. Furthermore, I will add the additional covariates to this total body of data and complete the thorough, multivariate spatial analysis. Alongside this and per the Lewis and Topal (2022) approach, I will test legacy exposure specifically within country, as the current models allow for buffers to cross land borders. This has been useful due to the nature of cross-border movement across Africa; however, controlling for country-specific legacies will enable us to analyze if respondents are more impacted by legacies within their own country. Additionally, as a further endogeneity measure, I will conduct matching analyses on the regression models. 
Finally, as I gain access to data over time, I will be conducting analyses on the amount of development aid within exposed communities, especially on projects centered around social cohesion, in order to test if this is further impacting the post-conflict trust-building processes apparent within these preliminary results. This research will provide a pathway to additional questions. The relationship between social capital and conflict-related information consumption warrants further attention. Furthermore, following the quantitative establishment of such trends, the impacts raised in this analysis require further qualitative study to thoroughly understand the causal processes leading to these changes within individual and community attitudes.
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